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Walk the Wall



Figjam Link

https://www.figma.com/board/1STJpjIEXOGv74zm2gHHZw/M7-Walking-the-Wall?node-id=0-1&t=CA2AGzi5OuDouGki-1


Crazy 8s



User Needs
1. Desire to learn more about AI bias
2. Desire to learn inner workings of AI systems 

(including source of results)
3. Multiple outputs in gen-AI results
4. Examples to demonstrate AI bias
5. Quick, intuitive, and engaging delivery method
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Quick, intuitive, and 
engaging delivery 
method



Storyboards



Need #1



Need #1



Need #1



Need #2



Need #2



Need #2



Need #3



Need #3



Need #3



Need #4



Need #4



Need #4



Need #5



Need #5



Need #5



Summary Report



Overall Findings & Insights
Many of our users noted that the most effective solutions addressed user needs without creating much 
additional work for users, which is typically the main barrier to users reporting bias. Such solutions either 
added to existing user flows (e.g. adding bias markers to current output in Need #3, Scenario #3) or 
incentivized users to new user flows (e.g. gamifying bias education in Need #5, Scenario #2). 

Meanwhile, most of our users had concerns about live events (e.g. Need #2, Scenario #3) as being 
particularly risky due to the need for additional time and resources from both the user and the host. They 
suggested that such solutions would demand a much higher level of commitment to begin with and would 
likely not be realistic for most users who are using Gen-AI for quick responses in their personal education 
or project work. Users also had concerns that bias was being defined too rigidly and wanted an 
acknowledgement of the nuances in bias in Gen-AI output.

Overall, it seems that users tended to gravitate towards solutions that would integrate seamlessly into 
existing Gen-AI platforms and allow users to identify and understand the nuances of biases without 
creating an objective definition of bias.



Common Misunderstandings
● The extent to which users need more bias education

○ While some users thought that the educational resources were very helpful, others thought that 
workshops and videos would be too much commitment for a casual user. We need to ensure 
our solution caters to different user needs as the amount of education is different for everyone.

● Distinction between incorrect answers and biased answers
○ Some of the solutions seemed to conflate demonstrating bias with showing correct results. 

This is something we might want to address in our language to clearly communicate what 
aspect of the Gen-AI output we want to address (specifically what dimension of bias).

● Bias reported by the user vs. the platform
○ Sometimes our solution had the user reporting bias on the platform results, and sometimes it 

was the user evaluating the platform’s ability to report bias. This was a bit confusing to some 
participants as they tried to evaluate the effectiveness of each. This depends on the solution 
that we design, but overall we know that recognition usually trumps recall, so our solution may 
lean towards the latter.



Validated Needs/Design Ideas
● Diverse presentation formats of AI results can enhance users’ understanding without adding 

significant cognitive load. By using multiple perspectives and different axes of comparison, users can 
more quickly identify and comprehend the biases present in the results.

● Facilitating users in efficiently identifying and editing biased elements within content not only 
enhances their awareness of bias issues, but also promotes user engagement.

● Experts’ insights, encouragement from friends, and engaging forms of interaction can motivate 
more people to actively participate in workshops about AI bias. This approach directly addresses 
users’ need to understand AI bias and serves as the most straightforward, fast, and effective solution.

● With its quick and simple mechanics and content rooted in everyday experiences, the game 
effectively encourages users to engage in active learning and deepen their understanding of AI bias.

● Users seek to detect bias issues more efficiently, as a faster experience preserves their intended use of 
AI while maintaining productivity.



New Design Opportunities
● More diverse views for displaying AI results

○ After generating results with AI, users can choose how the results are displayed. For example, textual 
content can be shown from different perspectives, while visual content can be organized along 
horizontal and vertical axes to help users easily distinguish between different outputs.

○ In this process, the system not only presents the generated results, but also enables users to more 
quickly locate their own results and identify potential bias issues through comparison.

● Provide users with more options to modify the details of AI-generated results.
○ After users generate results, provide them with the opportunity to modify the details with AI. For textual 

information, users can choose the parts they are not satisfied with and let AI make changes. AI will 
also highlight any potential bias issues in the results. This not only improves users' efficiency but also 
helps them learn about bias issues during their interaction with AI.



New Design Opportunities
● A simple and quick mini-game about AI bias.

○ This game is designed to allow users to play during fragmented time. The content of the game 
focuses on AI bias, presented through relatable examples from everyday life to encourage users to 
reflect. The game also includes features for interacting with friends, along with explanatory videos and 
information about AI bias-related activities.


